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WHAT THE PAPER SAYS:WHAT IT DOESN’T-WHY IT MATTERS
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Large behavior models: what is being compared?

The important figure is not a robot glamour shot; it is the evaluation pipeline.

Single-task baseline Large behavior model
train from scratch on one task pretrain many tasks, then finetune one
one task dataset ~1,700 hours diverse demonstrations

finetune on target task
more task-specific data needed

3-5x data-efficiency gain

| |

Same blind test rig
randomized A/B trials + statistics
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